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AGING MODEL D-MEASURE
In each time step we add one new node and Differences between two networks, G and G’
t, , link it to the older i-th node according to probability [1]: are given by D-measure [2]:
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Model modifications: we allow addition of multiple number of nodes (M) and link them to L old nodes

which are selected according to probability I1;(¢). e averaged nodes distance distributions

wG), p(@).

RESULTS

We use growth signals from real social networks. Signals represent the number of new members at each time step: 1) TECH social group, from the Meetup website [3]; 2) My Space
Real signals are long-range correlated and have multifractal properties. To remove correlations, the original signals are randomised, keeping the average value and standard deviation.
Poisson signal: uncorrelated random signal
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